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REPUTATION

The formation of a modern marketing strategy
in the digital environment involves the use of
various data that make it possible to assess the
current situation and identify development pros-
pects. The hypothesis is formulated that sentiment
and semantic analysis using machine learning
algorithms allows businesses to objectively assess
the attitude of the target audience to the activities
of brands on the Internet and identify popular
thematic content. Conducting the research, general
scientific methods of analysis and synthesis were
used to characterize the basic principles of using
sentiment and semantic analysis in the process of
assessing brand reputation; empirical methods,
graphic representation, and system-structural
analysis. The feasibility of using text information
and emoticons as a valuable source of data for
developing effective management decisions in the
field of marketing is proven. The implementation of
sentiment and semantic analysis based on text and
emoji is justified. A structural and logical scheme
of the differences between sentiment and semantic
analysis is presented. The features of building
information support when implementing the two
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CEMAHTUYHUM TA
CEHTUMEHTHWI AHANI3
PEMYTAL|i BPEHIY

Dopmy8aHHs CYHACHOT MAPKEMUH2080i cmpa-
meeii 6 yugposomy cepedosuuyi nepeodauae
BUKOPUCTNAHHS PIHOMAHIMHUX OGHUX, WO Oaromb
MOHCIUBICIb OYIHIOBAMU NOMOYH)Y Cumyayiro ma
ioenmudghikyeamu nepcnexmusu possumxy. Cghop-
MYIbOBAHO  2INOMe3y, WO CeHMUMEHMHUL ma
CEeMAHMUYHULL aHaniz i3 3acMOCYBAHHAM aN20-
PUmMI6  MAWUHHO20 HAGYAHHSL O036075€ 00 €K-
MUBHO OYIHIOBAMU BIOHOWEHHSL YibOBOT ayOUmopii
00 akmusHocmeti Opendie 6 Inmepremi ma ioenmu-
Qikysamu nONYIAPHULL MEMAMUYHULL  KOHMEH.
Ilpu  npogedenni  docniodcenHs — BUKOPUCAHO
3A2ATbHOHAYKOGI Memoou aHanizy ma cunmesy s
XapaKkmepucmuky OCHOBHUX NPUHYUNIE 3aCmOCy-
BAHHAM ~ CEHMUMEHMHO20 MA  CeMAHMUYHO20
auanisy y npoyeci oyinio8anHs penymayii Openoy;
emnipuuni Memoou, epaghiune 300pasxceHHs ma
CUCMEeMHO-CIPYKIMYPHULL aHani3. JJosedero 0oyinb-
HICMb BUKOPUCMAHHS MEKCMOBol inghopmayii ma
eMOmIKOHI8 K YIHHO20 Odicepena Oanux Ons
PO3POOKU  eqheKMUBHUX  YIPAGTIHCOKUX pileHb Y
cpepi  mapremunzy. OOpyHmMOBaHO peanizayiro
CEHMUMEHMHO20 MA CEeMAHMUYHO20 AHANI3Y HA
ocHosl mekcmy ma emo03i. Ilpedcmagnero
CIMPYKIMYPHO-NO0IUHY CXeMy GiOMIHHOCTel MidC
CEHMUMEHMHUM A CeMAHMUYHUM — QHATIZ0M.
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approaches under study are investigated. The
necessity of using social media for assembling text
content and emoticons is proven, which is associa-
ted with the significant activity of generations Y, Z,
and Alpha on such platforms as YouTube,
Instagram, TikTok, etc. The feasibility of using
sentiment and semantic analysis for retail chains
that sell consumer electronics on the Internet is
proven. Machine learning algorithms are used to
assess user sentiment and interests, which allows
for effective processing of text content.

Keywords: brand, content, emoticon, marke-
ting, machine learning, semantic and sentiment
analysis, social media, text.

Hocniooceno ocobausocmi nobyoosu ingopmayiii-
HO20 3abesneueHHs npu peanizayii 060X 00CHi-
021CyB8anUx nioxo0ie. /[06edero HeobXiOHicmb GUKO-
PUCMAHHSL COYiambHUX Medla Ol 300py meKcmo-
6020 KOHMEHMY ma eMOMIKOHI8, W0 No8 A3aHO 3i
SHAYHOIW aKmueHicmio nokosius Y, Z ma Anegpa na
makux niameopmax, sx YouTube, Instagram,
TikTok mowo. Obypynmosano OoyineHicmy GUKO-
PUCMAHHA  CEHMUMEHMHO20 Md CeMAHMUYHO20
aHanisy Osl MOP20BENbHUX MEPEHC, AKI peani3yioms
Cnodicueuy enekmpoHixky 6 Inmepnemi. [[nis oyinio-
BAHHS HACMPOIE MA IHMEPECi8 KOPUCTYBAUIB BUKO-
PUCMAHO ANOPUMMU MAUWUHHO20 HABUAHHS, AKi
00360J1510Mb  eQHeKMUBHO 0OPOONMU MEKCMOBULL
KOHMEHM.

Kiwuyoei crnosa: OpeHI, KOHTEHT, €MO-
TIKOH, MApKETHHT, MAIlIHHHE HABYAHHS, CEMaH-
THYHHA Ta CEHTUMEHTHHH aHalli3, COI[ialbHI

MEpexi, TEKCT.

JEL Classification: C55, C81, D83, M31, M37.

Introduction

The Internet acts as a global information environment that allows a
large number of users to interact on a continuous basis. The purpose of
interaction can be business interests, education, leisure, social communi-
cations, etc. For modern companies, the Internet is an important environment
that allows companies to maximize the reach of the target audience and
accelerate the process of promoting goods and services. Optimization of
marketing strategy in the global network involves the use of effective digital
tools. Information support is the basis for making effective management
decisions in the marketing field. The digital environment is characterized by
a high level of data collection efficiency, since, thanks to the use of modern
approaches, it is possible to accumulate relevant information continuously in
real time. The main methods of data collection on the Internet include web
analytics, parsing, API queries, collection from open data, etc.

For brands in conditions of high competition, it is important to identify the
interests of the target audience and assess the level of loyalty to their products.
The digital environment is structured in such a way that a large number of users
publicly post information about their attitudes towards certain companies, goods,
and services. The presented public information can be used by all market
participants to assess their competitive positions, identify the advantages and
weaknesses of other companies, as well as determine areas for strengthening
interaction with the target audience. Many companies in Ukraine do not pay due
attention to assessing the mood of the target audience based on comments on the
Internet and processing the relevant information using machine learning
algorithms, which prompted this study to solve the outlined scientific problem.

First of all, social media should be used to assess user judgments, since
the overwhelming majority of modern generations Y, Z, and Alpha show
interest in social interaction on specialized online platforms (Instagram,
TikTok, YouTube, Facebook, etc.). Expression of one’s attitude towards
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relevant brands can be carried out by posting comments, emoticons, photos, and
video content etc. To assess heterogeneous information about users’ attitudes
towards relevant brands and their products, it is advisable to use semantic and
sentiment analysis, which are implemented thanks to high-performance
machine learning algorithms. The advantages of using the presented approaches
based on mathematical models are the processing of big data in a digital
environment characterized by dynamic changes in user behavior.

Scientific works indicate the relevance of using semantic and
sentiment analysis in marketing. An important area of research is the
adaptation of machine learning algorithms to process heterogeneous
information containing information about users’ attitudes, brands, and their
products. The issue of using semantic and sentiment analysis to identify the
context and emotional coloring of statements on the Internet is addressed in
the works of many scientists. Scientists are investigating areas of
comprehensive analysis of text content, emoticons, and visualized materials
used by the audience to demonstrate their attitude toward certain issues.

Abbasi-Moud et al. (2021) investigate the specifics of collecting data
from social media and its use in the process of forming relevant
recommendations for consumers using the example of the tourism sector. The
feasibility of using semantic clustering of comments and a comprehensive
analysis of their sentiments to identify preferences is proven.

Song et al. (2021) prove the feasibility of conducting a tonality analysis
of texts that can be collected in a digital environment. The feasibility of using
the semantics perception and refinement network (SPRN), which allows
analyzing tonality based on aspects, is justified. The advantages of the presented
approach are the possibility of using multichannel convolution, which
significantly improves the quality of assessing the content load in the text.

Lu et al. (2022) proposed a novel graph convolutional network with
sentiment interaction and multi-graph perception for aspect-based sentiment
analysis. The advantage of implementing the presented approach is the ability to
simultaneously take into account semantic relationships and tonality of text
content.

Chandra and Kulkarni (2022) focus on the study of text translation
problems that can lead to distortion of tone and content. They substantiate
the feasibility of using bidirectional encoder representations from
transformers (BERT) for building modern language models.

Khan et al. (2023) investigate the features of semantic analysis of
unstructured data, which constitutes a significant portion of information on
the Internet and can serve as a valuable source for forming effective
management decisions. They propose to use a hybrid DNN model that allows
taking into account tone and context based on the attention mechanism.

Iswari et al. (2024) investigate methods to improve sentiment analysis
based on online travel product reviews through semantic similarity search.
The implementation of the presented approach involves the use of a keyword
library that is collected according to the frequency of mentions in customer
comments.
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Mercha et al. (2024) presented multilingual sentiment analysis
(MSA-GCN), which involves the use of a graph convolutional network to
identify short- and long-range semantics in complex text messages. It is
assumed that a unified heterogeneous text graph will be used, which allows
achieving effective results in the analysis of multilingual text content in a
digital environment.

Cao et al. (2025) investigate the problems of the polarity of individual
terms’ tonality in sentences. The authors propose to use Aspect-Level
Sentiment Analysis with Semantic and Emotional Modeling (ALSEM) in
text processing. They manage to establish a structure that identifies the
relationship between semantic information and evaluative words.

Deng and Liu (2025) assessed the emotions of society groups and their
requirements using high-performance mathematical algorithms. Data from
microblogs and social media comments were comprehensively processed
using Python. The feasibility of using the ROBERTa-BiLSTM-Attention
model for evaluating the semantics of text content was established.

Machine learning algorithms have proven effective in the process of
analyzing heterogeneous data, but the possibilities of improving the quality
of sentiment identification are being studied. The configuration of complex
mathematical models is focused on identifying real user judgments, since in
many cases human behavior involves the use of indirect manifestations of
emotions (sarcasm, jokes, irony). In the process of selecting and configuring
machine learning algorithms, the specifics of the brand’s activities and the
characteristics of its target audience are taken into account, since certain
groups of consumers may be characterized by a certain slang, especially for
representatives of generations Z and Alpha. An important area of scientific
research in the field of semantic and sentiment analysis is the adaptation
of models to a multilingual environment, since, in the conditions of globa-
lization, a large number of users may use various languages or constructs
specific to their culture, despite the use of another language.

The aim of the research is to substantiate the areas of integration of
semantic and sentiment analysis based on machine learning algorithms into
the process of assessing brand reputation in the digital environment.

Following the presented aim, the hypothesis is formulated that the use
of sentiment and semantic analysis based on machine learning algorithms
makes it possible to reliably assess consumer perception of brands on the
Internet and determine relevant content according to the interests of the target
audience.

Creating an effective information system in a digital environment
based on server technologies allows for the continuous accumulation of
information from various sources regarding the discussion and evaluation
of the brand and its products by users. Along with this, cloud computing is
adapted for the implementation of high-performance machine learning
algorithms that are used to process big data in structured, semi-structured,
and unstructured formats.
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The research involves the use of the following scientific research
methods: analysis and synthesis to characterize the main approaches to the
application of sentiment and semantic analysis in assessing brand reputation;
empirical methods, graphical representation, and system-structural analysis.

In the context of active digitalization, semantic and sentiment analysis
approaches are important for companies, as they allow using text and
visualized information to assess the mood of the target audience in real time.
The risks of using the approaches presented by brands include the formation
of ineffective marketing strategies based on the misinterpretation of the mood
of the target audience.

The three sections of the main part of the article present key
approaches to sentiment and semantic analysis for processing text content.
The feasibility of using emoticons to assess user sentiment is proven, and the
main approaches to transforming emojis into mathematical form are
characterized by the possibility of implementing machine learning algo-
rithms. A diagram of the characteristic differences between semantic and
sentiment analysis in the process of analyzing text content and emoticons is
presented. A system for providing information for sentiment and semantic
analysis in the digital environment is presented. The research used data from the
Comfy YouTube channel: comments under videos for January—July 2025.
The results of assessing the content topic and target audience sentiment based
on machine learning algorithms are presented, which allows optimizing the
brand’s marketing strategy in the digital environment, including thanks to a
modern content plan.

1. Semantic and sentiment analysis: concepts, goals, and role in
digital marketing

The functioning of companies in a highly competitive digital
environment involves using opportunities to gain advantages over other
participants in the relevant market. On the Internet, a large number of users
discuss different topics on various resources every day. Posted reactions in
the form of text messages and visualized content (emoticons, GIFs, pictu-
res, etc.) can serve as a valuable resource for analyzing the popularity and
current attitude of the target audience to the corresponding company, as well
as identifying changes in user behavior. It is advisable to complete the set
tasks through the use of semantic and sentiment analysis, which have gained
considerable popularity in the field of marketing.

Semantic analysis is used in the study of text content presented in the
form of natural language (words, phrases, and full-fledged texts) to identify
the essence and context laid down by the target audience. The imple-
mentation of specialized algorithms allows software to understand the real
content of texts posted by users on the Internet. When implementing semantic
analysis, two main approaches are used:

Text classification. This direction involves dividing users into certain
groups (by emotions, interests), attributing text content to a specific category
(goods for young people, financial sector, online education), etc.
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Text extraction. A comprehensive audit is used to determine the
hidden value of the corresponding text content and use the identified features
as a basis for optimizing marketing strategies in the digital environment
(Thieshen, 2024, November 5).

The process of processing text data is possible through the use of
traditional analysis; however, the significant growth of verbal information on
the Internet leads to the need to use various artificial intelligence algorithms,
including Natural Language Processing (NLP). High-performance
mathematical models based on server technologies allow companies to
quickly process big data presented in a structured, semi-structured, and
unstructured form. To implement machine learning algorithms, it is
necessary to transform the text data array in a certain way, which includes
the following stages:

« first: lexical analysis. The purpose of this stage is to bring text content
into a structured form suitable for processing by a computer. The collected
text information is divided into individual words or tokens, that is, individual
lexical elements are isolated,;

» second: grammatical analysis. Identification of speech parts (houns,
verbs, adjectives) and the grammatical structure of a sentence allows
algorithms to be provided with information about the syntactic connections
between words. This stage allows building a structured model for the text that
was collected on the Internet;

« third: syntactical analysis. A comprehensive analysis of the syntax of
text content is carried out to identify the principles of combining words into
sentences. The transformation of sentence construction logic into a
mathematical form significantly simplifies text processing by machine
learning algorithms. Converting text into a form acceptable to artificial
intelligence involves breaking each sentence into components by the
grammatical rules’ characteristic of a particular language;

« fourth: semantic analysis. The presented stage acts as a generalizing
one, since it involves combining the results obtained in the three previous
stages. The qualitative implementation of lexical, grammatical, and syntac-
tical analysis allows for the determination of the essence and meaningful
relationships in the studied text as accurately as possible. The key goal of this
stage is to provide conditions for the interpretation of text content by
mathematical algorithms in accordance with human understanding and
meaningful subtext.

Sentiment analysis is used as a separate approach, but in many cases
is part of semantic analysis. The presented approach is used to determine the
tone of text generated by users on the Internet. Lexical analysis is
implemented according to the selected set of words and involves determining
the mood of users on certain web resources (social media, sites, forums, etc.).

Along with text content, emojis (emoticons) are often used in the
implementation of semantic analysis. For the most active in the digital
environment, generations Y, Z, and Alpha, it is natural to use thematic
emoticons in the process of discussing various issues and expressing certain
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emotions. Visualized content in combination with text is used mainly in the
implementation of Al sentiment analysis.

To ensure high-quality sentiment analysis based on the emoticons
used, they are grouped according to the identified emotional reactions. The
process of preparing emojis for the implementation of certain approaches
involves manual marking in accordance with a specific emotional state.

To use artificial intelligence algorithms, it is necessary to transform
emoticons into digital form. The most popular transformation methods include:

One-Hot Encoding. Emoticons receive certain indices containing a
binary vector (0 and 1). For example:

©-11,0,0]

-[0,1,0]

©-[0,0,1]

Count-Based Features. Statistical analysis of emoticons in text
content is used: total number of emoticons in a message or comment; density
of emoticons in the text; distribution of emojis by emotion. Figure 1 presents
three groups of emoticons according to the main emotions.
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Figure 1. Emoticon groups according to basic emotions
Source: (Kaye et al., 2022).

Embeddings. This approach is very effective because it allows
companies to qualitatively prepare data for processing by machine learning
algorithms. Emoticons are converted into high-dimensional numerical
vectors, the distance between which serves as a characteristic of specific
reactions. The main methods include Pre-trained Models, Custom
Embeddings; Contextual Embeddings.

Hybrid Approaches. In the practice of machine learning, ensemble
models have become widespread, which allow companies to combine several
approaches at the same time to obtain the optimal result. The use of hybrid

140 ISSN 2786-7978; eISSN 2786-7986. SCIENTIA FRUCTUOSA. 2025. N2 4



DIGITAL MARKETING

models for processing emoticons is based on the multiplicative effect, which
allows analytics to use the strengths of each of the algorithms in a common
mathematical model.

For a comprehensive assessment of brand reputation in the digital
environment, semantic and sentiment analysis are often used together.
However, the development and implementation of an effective marketing
strategy involve understanding the main differences between the presented
approaches (Figure 2).

SEMANTIC ANALYSIS SENTIMENT ANALYSIS
> Focus of analysis
v v
Evaluating topics discussed by Assessing users’ emotions and
users attitudes towards brands
> Implementation complexity <
L 2 v
High level, as complex Lower level, as only emotions are
relationships and context are identified classified
> Using emoticons and pictures <
v v
Used as part of text semantics Direct identification of emotions
> Machine learning algotihms
v v
Unsupervised and self-supervised

Supervised learning

learning

Figure 2. Differences between semantic and sentiment analysis

Source: compiled and supplemented by the authors from (Williams, 2025, January 7).

Despite the simpler procedure for implementing sentiment analysis,
the presented approach is widely used in the practice of marketing analytics
in the digital environment. The availability of limited resources and the need
to obtain quick results in a highly competitive environment make the
presented approach effective and allow companies to achieve optimal results
in the process of establishing communications with a demanding target
audience, which easily switches from one brand to another.

The ability to choose between semantic and sentiment analysis, or to
combine the two presented approaches, allows companies to effectively
process large amounts of text information, emoticons, and other visualized
content in the process of identifying the mood of the target audience and key
trends in the markets of operation.
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2. Information support for sentiment and semantic analysis

The digital environment allows for the collection of large amounts of
textual and visual information for sentiment and semantic analysis. At this

stage of development, the assessment of topics and user sentiments on the
Internet is carried out through the use of emoticons and images. However,

the evolution of machine learning algorithms leads to the testing of

approaches that involve the processing of audio and video content. The
formation of effective information support for sentiment and semantic
analysis involves the use of specific methods of data collection on various
resources on the Internet (Figure 3).

DATA RESOURCES
Social Media Websites Search Engines Crowdsourcing Blogs
Forums Online Review Online Surveys
Platforms
Corporate Data Public Datasets Syntetic Data
= -
DATA COLLECTION METHODS
Manual Data|| Web API Data || Synthetic Data|| Automated Media || 10T & Streaming
Collection || Scraping || Collection Generation Monitoring Services|| Data Integration
S
DATA STORAGES
0 %) < B T B 2 17
39 L2 S £ zZS g 03 oS
Z oz ila) i a) 2 2
v v y v v v
NATURAL LANGUAGE PROCESSING TECHNIQUES
v v v
Semantic and sentiment Semantic analvsis methods Sentiment
analysis methods y analysis method
v v v v v v v v
21 E| 2% 2 = 2 8
< g S £ E 5 @ g £
< - g§ || = < o &2 o
< @ - — = S IS,
5] k= o 2 < © o o <
b = @ 5 = < ; 2 > <
2 /8 &8 |2 % E S g
& = T — 7z ¥

Figure 3. Information system of semantic and sentiment analysis

Source: compiled and supplemented by the authors from (Watchers, 2025, March 6).
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The consumer electronics market was chosen to conduct sentimental
and semantic analysis, as users consistently generate high demand for
innovative products. Interest in modern electronics among representatives of
generations Y, Z and Alpha implies active use of digital communication
channels by companies to promote products and establish close communi-
cations. On the Internet, the leaders in consumer electronics sales in Ukraine
in 2025 are Rozetka, Allo, Comfy, Foxtrot, and Moyo (Vtop-Shop, 2025,
August 10; Similarweb, 2025, August 10). The activity of the presented
brands in the digital environment and interaction on various web resources,
primarily in social media, allows the collection of large amounts of text
information in combination with emoticons. According to the presented
information support scheme on the Internet, data was collected on the
consumer electronics market for the Comfy retail chain. The sources of
information for conducting sentimental and semantic analysis of the brand
were popular on social media (Table 1).

Table 1
Characteristics of Comfy social media accounts, July 2025

Social Media | Posts/Videos | Readers/followers |
X 632 1779
Instagram 3401 275k
YouTube 557 11.3k
TikTok 42 15.3k
Facebook ~ 500 490k

Source: (Comfy X, n.d.; Comfy_ua, n. d.; COMFYchannel, n. d.; comfy_media, n. d,;
COMFY, n. d.).

The intensive activity of the Comfy retail chain in interacting with the
target audience on social media allows it to attract a large number of potential
users. Along with this, the target audience is stimulated to leave feedback and
wishes regarding certain activities of the company. A detailed analysis of
posts and videos made it possible to establish that modern users do not have
a particular desire to leave comments for most of the posted content in all the
above media. Along with this, the target audience actively participates in
various promotions that involve active communication in text format. On
Instagram, the company constantly holds various draws that attract the
attention of thousands of users and stimulate posting comments according to
the specifics of the posted content. During the UKRAINEPRIDE events,
Comfy posted a post on its own social media accounts with the text: "Be
yourself. Speak out loud. Stand up for equality”. A large number of users in
the comments joined the discussion of this issue, expressing their position.

Social media in Ukraine, popular among generations Y, Z, and Alpha,
are characterized by a larger number of comments that can be collected for
sentimental and semantic analysis. Along with this, the X network, which is
characterized by significant popularity in the world and is considered a
valuable resource for collecting text content and reactions in the form of
emoticons, does not allow collecting large amounts of information about the
company under study in Ukraine.
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3. Semantic and sentiment analysis of Comfy’s brand reputation
in social media

The Comfy brand YouTube channel was used to conduct semantic and
sentiment analysis. When studying this resource, 7046 comments were collected
from 60 video clips published during January-July 2025. Analysis of the topics of
publications posted by the brand indicates the effectiveness of using a marketing
strategy in building communications with the target audience. The topics of the
content posted on the Comfy channel clearly show an orientation towards
providing commercial and educational functions. Videos can be divided into the
following areas: consumer electronics reviews; gaming and entertainment; gift
selections, and life hacks; tips for ensuring energy saving.

The process of processing text content and emoticons in the formed
database was carried out in the following stages:

« Tokenization and removal of stop words using the Natural Language
Toolkit, which allowed us to isolate words valuable for analysis.

« Text translation using googletrans, using APl queries. To further
assess user sentiment and interests, it was advisable to translate text
comments from Ukrainian to English.

« Sentiment analysis using the VADER library (Valence Aware
Dictionary for sEntiment Reasoning) (Chiny et. al., 2021).

« Text vectorization using the TF-IDF (Term Frequency — Inverse
Document Frequency) method, which allows analytics to transform the text
into a digital format and implement various machine learning algorithms.

When implementing sentiment and semantic analysis, a word cloud is
widely used, which allows companies to visually assess the presence of the
most common words in the studied text array. The formation of text
popularity was carried out on the basis of nouns, adverbs, and adjectives
(Figure 4). The most popular thematic words for the Comfy brand include
machine (315 words or 1.03%), kitchen (296 words or 0.97%), vacuum
(288 words or 0.94%).

coffeeanswe %3@! Ldeal :
e B v per fe 3
- 3 S even cooklng =
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Figure 4. Word Cloud of Comments (Nouns, Adverbs, Adjectives) of Comfy
YouTube Channel from January to July 2025

Source: calculated by the authors based on (COMFYchannel, n. d.).
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The next step is to use the t-SNE Visualization of Comments graph,
which displays the results of sentiment analysis of comments in a two-
dimensional space (Figure 5). The presented graph contains three mood
categories (positive, neutral, and negative), as well as intensity zones for each
state. The analysis of mood dynamics indicates the prevalence of positive
reviews at the beginning of 2025, the peak of which is noted in March-April
of the studied period. Subsequently, a partial shift in user moods is noted due
to an increase in the share of negative comments.

Sentiment Over Time
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Figure 5. Sentiment analysis of Comfy’s YouTube channel
from January to July 2025

Source: calculated by the authors based on (COMFY channel, n. d.).

In the next step, we will use the t-SNE Visualization of Comments graph,
which demonstrates the results of sentiment analysis of comments in a two-
dimensional space (Figure 6). The study of semantics shows that local structures
are identified for reviews of the Comfy brand on YouTube, and the density of the
cluster of points in the center of the graph is noted. Accordingly, there are key
topics that stimulate users to actively participate in the discussion, leaving
emotionally similar comments in the content. Negative reviews in this segment
are mainly associated with user dissatisfaction with the quality of Comfy services,
and neutral reviews are associated with the discussion of products in the
corresponding video reviews.

The concentration of neutral and negative reviews mainly in the center
requires the brand to isolate this segment and conduct additional surveys to
identify relative amorphousness and dissatisfaction. ldentifying problems
will allow Comfy to minimize negativity and ensure increased loyalty of the
target audience.
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t-SNE Visualization of Comments
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Figure 6. t-SNE Visualization of comments on Comfy’s YouTube channel from
January to July 2025
Source: calculated by the authors based on (COMFY channel, n. d.).

Continuous interaction with users on social media will allow Comfy
to meet the expectations of generations Y, Z, and Alpha in Ukraine. The
digital marketing strategy of this brand involves the formation of a positive
consumer experience based on identified trends, which will contribute to the
expansion of the segment of positive comments. Along with this, it is neces-
sary to use other effective digital marketing tools to obtain a multiplicative
effect (lankovets, 2025).

Conclusions

Ensuring the effectiveness of marketing strategies of companies is
important, as it is a key element of a high level of competitiveness. In the
conditions of digitalization, brands get the opportunity to receive diverse
information and use it to make effective management decisions in the process
of ensuring long-term communications with the target audience. Comments
contain text responses and visualized reactions in the form of emoticons that
users leave on the Internet. The best sources for assessing the reaction of
modern generations (Y, Z, and Alpha) include social media, which allow
brands to constantly post thematic content and collect comments from users.
The most effective approaches to text and emoji processing include sentiment
and semantic analysis, which allow assessing the thematic areas of the issues
discussed in the comments and assessing the attitude of users to brands and
their activity in implementing marketing strategies.
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The development of e-commerce and high demand for consumer
electronics in Ukraine in modern conditions necessitated conducting research in
this area. Comfy was chosen as the brand under research, as one of the market
leaders that actively uses various digital marketing tools to interact with the target
audience. Comments and emojis for sentiment and semantic analysis were
collected on the company’s YouTube channel for January-July 2025. The
specified social media was chosen due to the ability to quickly collect a large
number of text reactions from users regarding the assessment of the Comfy brand.

The results obtained in the research process confirm the effectiveness
of using machine learning algorithms for sentiment and semantic analysis.
Studying user sentiment and assessing user interests allows companies to
quickly adapt to existing demand and form a positive brand image in the
digital environment. The practical significance of the presented study lies in
the fact that, using the example of the Comfy retail chain, users’ attitudes
towards its activity on YouTube were assessed and popular video content
topics in Ukraine were identified in the context of digitalization and military
operations. The effectiveness of using videos describing the characteristics
of various consumer electronics to attract the attention of representatives of
modern generations and encourage them to express themselves in comments
was proven. Video content in the field of gaming and entertainment is mainly
interesting for representatives of generations Z and Alpha. Also, stimulation
of interest and active posting of comments is observed for videos related to
Comfy contests and the drawing of valuable prizes. It should be noted that
consumers are more active in posting comments to participate in contests on
Instagram. The importance of the research conducted lies in substantiating
the need for Ukrainian companies to use high-performance machine learning
algorithms when conducting semantic and sentiment analysis to assess brand
reputation based on text content and emoticons.

Further research will focus on expanding the sources of information
from the digital environment to implement sentiment and semantic analysis.
The use of modern and high-performance machine learning algorithms will
allow optimizing the interaction process between brands and consumers,
contributing to increasing the loyalty of the target audience.
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